TESNA

RFA-XGBoost t& B fE FZEh M 4E & 7
¥ F P A R Rz

G, =R
(F B 3hiB 15 £ B KA FRAE) #dboaa), #db &KX 430021)

O N TARATEI TR B A P L P SRR R A, IR T 2 dE R O ST R RS B 2B AE SRR
PSR B R o SREERE SR8 7 T2 Wk S5 302 B IR bR A i N R B, DA T i T AR PR
FRIZEHE Tl (extreme gradient boosting, XGBoost) Sk MIEAER IR P ALY, 1248 B 75 A _E~F 28 Tl
HE i F I8 96.35%. R B, #2H T 3% A KF 4E 3 58 XGBoost (recursive feature augmented XGBoost, RFA-
XGBoost) Tl FH T8 AR B IR 0, R 1k AN B gk A0 7T — %6 XGBoost 1528 (1) Tty A 37 1 F
JEARINBRFAESE T, IFFHFT NGB — 5 1) XGBoost A AL, AR AL 5 14T~ 35 Tl Ak 1 28 IT 42 T 22 98.89% . T HT
TR TN GIEE RN 5, BWE R B R R A NIETEBRIE I, A R 55 K
A, HE D RTE R PR R AR SS L E, B B S S R A E

KRR VBTERURH N HLER 2] XGBoost; #E4Z 4R

HPESES: TP391

XEkFRERE: A

doi: 10.11959/j.issn.1000-0801.2025036
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Abstract: In order to predict and reduce the occurrence of complaints of mobile network users in advance, the appli-
cation of multidimensional data analysis in the prediction of potential complaints of mobile network users was deeply
studied. By collecting a wide range of business domain and operation domain indicators of mobile network users as
input feature data, a potential complaint user prediction model based on extreme gradient boosting (XGBoost) was
successfully constructed, which had an average prediction accuracy of 96.35% on the test set. At the same time, the re-
cursive feature augmented XGBoost (RFA-XGBoost) prediction model was proposed for the prediction of potential
complaint users. By iteratively adding the predicted output of the previous round of XGBoost model to the feature set
as a new feature and retraining the new round of XGBoost model, the average prediction accuracy after optimization

could be improved to 98.89%. For mobile network operators, the research results mean that they can identify and in-
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tervene in potential complaints earlier, so as to effectively prevent the occurrence of complaints and further improve

user satisfaction and service quality, which has important practical significance and commercial value.

Key words: prediction of potential complaint users, machine learning, XGBoost, data mining
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